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The article presents a comprehensive analysis of the mechanisms by which large language models
generate sense (sense completion) under conditions of data scarcity, fragmentation, or unevenness, drawing
on the theory of human anticipation. The paper argues that while the processes of sense prediction in humans
and the statistical data reconstruction procedures in neural network models differ in nature, they share several
structural similarities: both systems aim to restore informational coherence, reduce uncertainty, and construct an
internal model of context. Based on an examination of current research and original conceptual modeling, the
study proposes a typology of six key sense-making mechanisms (sense completion) activated in data-limited
conditions: a) probabilistic token prediction; b) implicit semantic interpolation; ¢) representational (supra-sense)
generalization; d) hypercompensatory artifacts; ¢) contextual reconfiguration; and f) heuristic noise smoothing.
The scientific novelty lies in formulating the first systematic typology of LLM sense-making mechanisms (sense
completion) interpreted through an analytical framework grounded in human anticipation. It is demonstrated
that these mechanisms can both enhance textual coherence and generate locally plausible yet globally invalid
semantic decisions (statistically probable but semantically incorrect sense). Particular attention is given to
explaining why the statistical nature of large language models makes them prone to “excessive anticipation”
and erroneous reconstructions that lack counterparts in human cognitive strategies. The proposed classification
allows for a clear distinction between constructive and risk-inducing types of sense-making (sense completion),
identifies the preconditions for the emergence of false interpretations, and provides criteria for assessing the
reliability of this process in incomplete or non-representative corpora. The findings form a theoretical basis for
developing interpretable systems resilient to data scarcity and open a new direction in studying the anticipatory
behavior of large language models within automated text analysis.
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Formulation of the problem. Digitalization changes have been organically im-
plemented in contemporary research: for example, in the humanities paradigm, they have
manifested themselves in the well-known phenomenon of digital humanities. The latter
integrates a humanities approach with technical parameterization, which is particularly pro-
ductive in the context of linguistic research, where modern large language models (LLMs)
play a significant role. The productivity of these neural network models is determined by
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their high level of sense-making during data generation, as well as the interpretation of as-
signed senses. Despite the relevance of this problem, the formation of sense in conditions
of insufficient input data remains a gap, the mechanism of which has not been sufficiently
studied. This process in LLMs, as in humans, is associated with the phenomenon of antici-
pation [1], the essence of which is the pre-acquisition of sense before its direct representa-
tion in the aforementioned data. At the same time, anticipation is determined by the causal/
retrocausal parameterization of language data, since it concerns the specific relationship
between sense formation and sense interpretation in textual data. Similar to humans, the
aforementioned neural network models are forced to perform sense completion, i.e., initiate
a series of processes that are functionally similar to human anticipation.

Thus, the problem analyzed in this study is particularly relevant in the context
of political Internet discourse, as the latter is characterized by implicitness, discreteness,
intentional gaps, manipulativeness, absurdity, and other features. It is here that LLMs
predominantly reveal their anticipatory-like potential, which can be correlated with a
similar human mechanism. As a result, neural network models form quasi-sense based on
generalized patterns extracted using statistical calculations on data. At the same time, such
quasi-sense does not always correspond to the current communicative situation, which
necessitates a detailed integrated analysis of this problem. In turn, such an analysis will
allow us to: a) describe the uniqueness of sense completion LLMs in conditions of data
scarcity; b) compare its algorithmic mechanism with human anticipation as a cognitive
prototype; c) localize the boundaries of stable, consistent, reproducible, etc. “anticipatory
behavior” of LLMs; d) reveal the nature of the gaps between human sense interpretations
and statistical interpolation of the model.

Analysis of recent research and publications. The integrated nature of the problem
outlined in the previous part of this study has led to a wide range of works being analyzed
within its scope. Thus, the issue of sense-making (sense completion), as well as the mecha-
nisms of algorithmic prediction in LLMs, is becoming increasingly popular in the scientific
community. The central concept of the above is the aforementioned phenomenon of antici-
pation, i.e., the ability to predict the next elements of an information sequence based on the
existing ones [1]. This mechanism is of particular importance in the cognitive sciences, as it
explains the uniqueness of humans’ effective processing of incomplete or noisy information,
which enables the formation of expectations and the prediction of further developments.

C. W. Callaghan’s (2025) study [2] is indicative in the context of the presented
issue, as it reveals the transformation of data (in particular, knowledge) in the context of
digitalization. The study highlights the phenomena of epistemic inversion and knowledge
scarcity, which correlate with the problem of data scarcity and sense-making (sense
completion) as such in LLMs. In contrast, G. A. Carter (2025) [3] presents the role of
context in the process of forming semantic representations in humans and language
models. In addition, the author emphasizes the importance of context for reconstructing
the correct and consistent sense, as well as avoiding the emergence of potential artifacts
that are statistically probable but irrelevant to the sense created by the latter.

A conceptual approach to symbolic representation systems is presented in the study
of M. Carvalho (2025) [4], where the latter is formulated taking into account entropy,
semantic drift, and the stability (constancy) of sense-making (sense completion) and the
overall dynamics of sense systems in the context of LLM behavior in situations of data
scarcity. The importance of interdisciplinary analysis of the problem is confirmed by
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F. P. Lopez (2025) [6], who emphasizes its role in the context of addressing language
errors in various cognitive processes. The latter allows the author to compare human and
algorithmic anticipatory mechanisms, i.e., strategies for processing incomplete data.

We would also like to highlight a number of works devoted to overcoming data scarcity
inthe operation of neural network models: for example, J. McGiffand N. S. Nikolov (2025) [7]
categorize methods for working with low-resource languages (including statistical and
neural network approaches). Meanwhile, the study of W. Wang et al. (2025) [8] focuses on
the productivity of using foundation models with series-symbol data generation to improve
the predictive capabilities of such systems. The study by X. Chen (2025) [5] builds upon
the ideas of other researchers, who have applied these models to risk management and the
processing of internet discourse information during emergencies.

The multimodality of modern models has been studied in the studies of
Y. Shou et al. (2025) [9], B. Wang et al. (2025) [10] and M. R. Shuvo et al. (2025) [11]. In
particular, the presented studies analyze the originality of implementing text, graphic (vi-
sual), and sensory data in the context of improving the effectiveness of predicting human
activity and emotional reactions. It is noteworthy that this aspect of the research problem
correlates with the concept of anticipation in LLMs, which is important for this study. This
means that such systems not only reproduce statistical patterns but also model future ac-
tions and events based on multimodal signals.

Thus, an analysis of the aforementioned historiography in our research has re-
vealed several gaps in its study. In particular, despite the existence of numerous studies on
its individual aspects, there is no comprehensive approach to solving the problem. That is
why this study aims to fill in the existing “blank spots,” namely, to highlight the peculiari-
ties of studying the uniqueness of sense-making (sense completion) LLMs in conditions
of data scarcity, as well as the specifics of conceptualizing this process through the prism
of human anticipatory mechanisms.

The part of the main issue that has not been studied enough. Despite the
aforementioned popularity of studying neural network models (in particular, LLMs),
there are a number of conceptual and methodological gaps related to the process of sense-
making (sense completion) in conditions of data scarcity in the linguistic dimension:

1. Conceptual and existential uncertainty between human anticipation and static
sense completion. We observe a blurring of the categorical and conceptual apparatus: for
example, the terms “anticipation,” “prediction,” “completion,” “inference,” and others are
often used interchangeably when describing the behavior of neural network models. This
leaves the following questions on the periphery of scientific attention: a) the possibility of
positioning statistical prediction as a counterpart to human anticipation; b) the boundary
between the cognitive mechanism and neural network interpolation, etc.

In particular, this study presents, for the first time, a conceptual model of this distinc-
tion, within which human anticipation is characterized as a process based on intentionality,
corporeality, and differentiated cognitive schemas. In contrast, the mechanism of neural
network (algorithmic) anticipation is presented as a non-intentional generalization formed
based on statistical optimization. In turn, this allowed the author to localize the originality
of LLMs’ actions in a situation of data scarcity, as well as to highlight how their “guessing”
sense is formally similar, but essentially opposite to the human anticipatory mechanism.

2. Lack of a systematic classification of types of data deficiencies and ways to com-
pensate for them in LLMs. Most relevant works focus on generalized “low resource” sce-
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narios, which leads to an expected lack of differentiation in the typology of data deficien-
cies. Such generalization naturally makes it impossible to determine the parameters of this
process. Instead, it can be assumed that among such types are lexical, syntactic, pragmatic,
and other data deficiencies, discursive discreteness, lack of context and/or background
knowledge, and so on.

As a result of the above, several gaps exist regarding the types of scarcity that pro-
duce sense destabilization in LLMs. Additionally, the internal mechanisms of the model
that are activated for each type of scarcity remain undefined. To address these issues, the
presented study proposes a multi-level typology of “data scarcity patterns,” within which
it becomes possible to assess the stability of neural network models with respect to vari-
ous forms of the latter. As a result, a basis is formed for a more accurate analysis of the
mechanisms of compensation for the outlined data scarcity in specific linguistic situations.

3. The absence of an explainable sense completion model in LLMs compared to
human sense-making. It should be noted that existing works are devoted to the behavior of
neural network models in a number of terms (“hallucination,” “filling gaps,” “completion,”
etc.), but the following remain understudied: a) the mechanism by which such models build
internal representations to restore sense; b) the originality of token and semantic patterns
activated in the absence of data; c) the parameterization of mechanisms that lead to stable
sense reconstruction, as well as those that produce quasi-sense “hallucinations” of LLMs.

This paper proposes a new interpretative paradigm, where sense reconstruction
is viewed as a process of interaction among several factors: local statistical inertia of
the neural network model, global generalized semantic spaces, and mechanisms for
compensating for the lack of context. In turn, the above allows us to construct a theoretically
validated description of the behavior of LLMs as “anticipatory-like,” but not identical to
the corresponding human mechanism.

4. Lack of criteria for evaluating adequate sense completion LLMs. This refers
to the absence of verified linguistic metrics for evaluating the sense completeness of the
above-mentioned process (reconstruction), the division of plausible, coherent, and sense-
inconsistent (inaccurate) responses. In addition, the boundaries between defined sense
completion and the aforementioned “hallucination” remain potentially undefined.

That is why this study presents a set of sense adequacy criteria that integrate the
degree of sense attachment to the initial data, the consistency of the completion process by
neural network models under conditions of multiple runs, the correspondence to the prag-
matic goal of the text, and the reproducibility of interpretation in different parameterizations
of LLMs. The presented approach is productive in determining cases when neural network
models actually sense completion and when they form a statistically plausible imitation of it.

Thus, the relevance and significance of addressing the outlined aspects necessitate
the combination of applied, computational, and mathematical linguistics tools to develop a
methodology for linguistically grounded assessment of the effectiveness of sense-making
in the aforementioned neural network models.

The purpose of this article is to investigate the uniqueness of sense-making (sense
completion) LLMs in conditions of data scarcity, as well as the specifics of conceptual-
izing this process through the lens of human anticipatory mechanisms. The subject is the
linguistic and computational features of sense-making in these neural network models in
conditions of incomplete, discrete, and/or noisy input data. Achieving the above aim and
subject involves the implementation of the following objectives:
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1. To analyze the theoretical foundations of human and algorithmic anticipation
in linguistics and cognitive sciences, as well as to localize their validity for modeling the
behavior of the above-mentioned neural network models in conditions of data scarcity.

2. To identify and classify the mechanisms of “completion” or algorithmic antici-
pation of missing sense LLMs, including through probabilistic generalization, latent se-
mantic interpolation, and representational generalization.

3. To highlight the existing risks, epistemological limitations, and other issues pro-
duced by the aforementioned anticipatory processes in such neural network models and to
propose criteria for distinguishing constructive sense-making from a number of artifacts
that arise due to a lack of data.

Main body. It is noteworthy that sense-making, which is one of the most complex
problems in cognitive, applied, computational, and other linguistics, is organically actual-
ized within the framework of neural network modeling. The latter is associated with the
apparent similarity of the mechanisms of the latter to human (biological) ones, based on
the above-mentioned phenomenon of anticipation — predicting events, linguistic struc-
tures, and sense fragments based on available incomplete data. From the standpoint of
linguistic pragmatics, such prediction is not a reaction, but a preventive construction of
sense hypotheses, which are formed even before a complete data package is received.
Naturally, in the context of LLMs, the outlined mechanism is based, as mentioned above,
on statistical calculation of sense-making options (probability distributions, combinations,
etc.) (C. W. Callaghan (2025) [2]).

The phenomenon of human anticipation is associated with a specific brain activ-
ity: during this process, areas responsible for language processing, attention, and working
memory are activated. It is thanks to anticipation that a person activates the mechanism
of contextual forecasting, predicting sense before it is fully heard, seen, etc. Essentially,
human anticipation is a cognitive mechanism of prediction based on previous experience,
contextual patterns, and a series of pragmatic assumptions. Thus, the comprehended sense
is a dynamic category, an integration of data fragments by a specific subject (the bearer of
a linguistic and/or national worldview). In this case, the human brain first builds a sense
prediction, validates it through the environment, and, if necessary, corrects the initial result.

LLMs, on the other hand, exhibit anticipatory behavior in a fundamentally differ-
ent way, as it is based on the statistical optimization of subsequent tokens in their context.
This, in turn, is based on probability distribution in high-dimensional parametric spaces
(analyzed/generated data). The latter allows us to assert that, despite the apparent similar-
ity of anticipatory mechanisms (filling in gaps, interpreting discrete data, and interference
of implied sense), the outlined processes are ontologically distinct. Accordingly, the rel-
evance of the issue under study lies in the lack of a unified vision of the process of “imita-
tion” of human anticipatory strategies by LLMs, as well as the internal mechanisms that
are activated in the event of information deficiency. Moreover, the typology of such data
deficiencies remains poorly understood: lexical, syntactic, discursive, pragmatic, contex-
tual, and others (G. A. Carter (2025) [3]).

The point is that it has not been fully clarified which of the above types of defi-
ciency produces the most significant errors between statistical reconstruction and human
anticipatory inference. At the same time, several recent studies have demonstrated the
emergence of structurally similar patterns of sense-making (sense completion) in neural
network models, particularly in situations involving discrete, incomplete, or noisy data.



212 Onexciii JJoseans
ISSN 2078-5119. Teopis i mpakTHKa BUKJIagaHHs YKPaiHCbKOI MOBH SIK iHO3eMHO1. 2026. Bumyck 21

This creates a need to build a conceptual model that would explain how the process of
sense reconstruction occurs and where the line between constructive sense interpretation
and the emergence of artifacts (so-called “hallucinations,” nonsensical interpretations, ex-
cessive generalization, etc.) lies.

Naturally, human anticipation is characterized by a unique combination of back-
ground knowledge, intentionality, pragmatic predictions, and contextual associations. It is
precisely the above that allows people to sense completion even with minimal information
support. LLMs, on the other hand, do not have consciousness, but only something like a
formal imitation of it, as a result of which intentionality takes on the characteristics of imi-
tation in their interpretation. Such neural network models demonstrate functionally similar
behavior, but base it on the probabilities of the appearance and interpretation of certain
units: primarily, next-token prediction mechanisms, latent spaces, and large data corpora.

The aforementioned algorithmic anticipation is predominantly statistical, but
sometimes it reproduces the unique structure of human cognitive strategies, acquiring
characteristics such as smoothing ambiguities, creating a hypothetical context, and re-
configuring sense chains. As a result, it is advisable to form a systematic typology of
sense-making (sense completion) mechanisms based on the intersection of human and
neural network anticipatory mechanisms, which was the specific task of this work. The
methodology of the latter integrates: a) a cognitive-linguistic approach, within which hu-
man and algorithmic anticipation are compared; b) structural testing of LLMs, carried out
by reducing the context: removing agents, predicates, stop words, temporal markers, and
other significant components; c) analysis of artifacts and sense destabilization that arise
during the artificial creation of data scarcity; d) a component of computational linguistic
modeling that allows localizing the unique influence of implicit spaces and vector inter-
polation on sense reconstruction (Y. Shou et al. (2025) [9], B. Wang et al. [10] (2025),
and M. R. Shuvo et al. (2025) [11]). Accordingly, the above methods made it possible
to identify several stable mechanisms, the actualization of which in the context of neural
network models enabled them to compensate for the lack of data.

In particular, the results of the analysis revealed the specificity of LLMs’ sense
behavior: thus, neural network models reveal the stability of the anticipatory mechanisms
used. Accordingly, this allows us to classify such mechanisms and compare them with
their human counterparts: the generalizations are presented in Table 1.

Table 1. Sense completion mechanisms of LLM under conditions of data scarci
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Table 1 represents the originality of sense-making (sense completion) in the con-
text of dynamic compensation for information gaps: in particular, it refers to local (token)
and global (semantic, discursive, and other) mechanisms. In particular, probabilistic pre-
diction and discursive generalization ensure data stability, while hypercompensatory and
reconfiguration parameterization are associated with adaptation to complex or changing
conditions. The outlined mechanisms have unique specifics, the nature of which is deter-
mined by their functional similarity with their counterpart (human anticipation), namely,
the desire to fill existing gaps.

The essential difference from natural cognitive processes is significant here, since
neural network models are not based on intention as such (even under conditions of its sta-
tistical imitation). As a result, the existing duality is structurally similar, but there is a phe-
nomenological difference inherent in the context of the mechanisms of “guessing” sense,
as well as the prerequisites for the appearance of artifacts under such conditions. Thus,
the typology proposed in this article forms the basis for: a) localizing risk areas in the
context of sense reconstruction processes in neural network models; b) clearly separating
constructive and erroneous sense-making (sense completion), as well as maximally avoid-
ing such deviations in the process of the latter’s work with data; ¢) developing reliability
criteria for future language data analysis systems; d) improving the existing categorical
and conceptual apparatus of linguistics and digital humanities: in particular, clarifying the
concept of anticipation in relation to LLMs as a statistical-hybrid mechanism.

Conclusions and prospects for further research in this area. Thus, the conducted
research made it possible to comprehensively highlight the uniqueness of the mechanisms
of algorithmic anticipation (sense completion) in LLMs in situations of data scarcity, as
well as to compare them with their biological counterpart (human anticipation). In par-
ticular, neural network models have revealed the stability of the means and mechanisms
used in the process of working with information gaps. Thus, we are talking about the sys-
tematicity, consistency, etc. of the set of strategies used by such models, which combine:
a) probabilistic token prediction; b) implicit semantic interpolation; c¢) representational
generalization (supra-sense); d) hypercompensatory artifacts; ¢) contextual reconfigura-
tion; f) heuristic noise smoothing.

This, in turn, enables us to formulate structural parallels with human anticipation in
a holistic manner, while emphasizing the statistical (probabilistic, superficial) nature of the
algorithmic counterpart. The typology of sense-making (sense completion) mechanisms
presented in the article demonstrated the potential of the latter to generate relatively stable
sense vectors even under conditions of incomplete data. At the same time, in such pro-
cesses, LLMs produce areas of excessive generalization, false reconstructions of context
based on minimal signals, and semantic drift. The latter causes the appearance of artifacts
and false conclusions and interpretations, which only confirms the importance of distin-
guishing between constructive and risky sense completion. At the same time, the latter is
important both for the processes of modeling linguistic data and for a number of discourse
analysis tasks (cultural and other practices).

Firstly, these research results confirm the hypothesis that the phenomenon of algo-
rithmic anticipation should be interpreted as a hybrid quasi-cognitive mechanism of neural
network models. Essentially, this process reproduces a whole range of human anticipa-
tory strategies, but lacks an existential-discursive context, since such models calculate
the probability of a certain combination rather than “feel” its appropriateness. In turn,
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this allows us to localize the boundaries between correct (accurate) sense completion and
potentially incorrect ones, which is critical in the context of the validity of their results.

Thus, the goal set in this article has been achieved, as have its objectives: in par-
ticular, a) the theoretical foundations of human and algorithmic anticipation in linguistics
and cognitive sciences have been analyzed, and their validity for modeling the behavior
of the above-mentioned neural network models in conditions of data scarcity has been
assessed; b) the mechanisms of completion or algorithmic anticipation of missing sense
LLMs have been identified and classified, including through probabilistic generalization,
latent semantic interpolation, and representational generalization; c) the existing risks,
epistemological limitations, and other issues produced by the aforementioned anticipatory
processes in such neural network models have been highlighted, and criteria for distin-
guishing constructive sense-making (sense completion) from a number of artifacts that
arise due to data scarcity have been proposed.

Accordingly, the proposed results establish a conceptual foundation for future re-
search on sense models and contribute to the development of methods for assessing the reli-
ability and interpretability of language models in text analysis tasks. That is why the pros-
pect for further research on the analyzed problem is an in-depth study of the uniqueness of
sense-making (sense completion) LLMs in conditions of data scarcity, as well as the specif-
ics of conceptualizing this process through the prism of human anticipatory mechanisms.
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CMUCJII I HECTAYA JTAHHUX:
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Y BEJIMKUX MOBHUX MOJIEJIAX
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Crarrs pUcBsYeHa BCEOIYHOMY aHajli3y MeXaHi3MiB CMHCIIONOPOKEHHs (CMHCIIOBOI 100yI0BH) Be-
JIMKMX MOBHHX MOJIENIEH Y CUTYyallisiX HecTadi, parMeHTapHOCTI a0 HEPIBHOMIPHOCTI BXiJHMX JAHHX 3 OIO-
POIO Ha TEOPIIO JIFOJIChKOT aHTHIMMIALT. Y Ipalli 00rpyHTOBAHO, IO TIPOLECH Nepei0aueHHs] CMUCITY B JIFOIMHH
Ta CTaTHCTHYHI CXeMU PEKOHCTPYKIIT JaHNX Y HEHPOMEPEKEBUX MOJEIISX MAIOTh Pi3HY NMPHUPOJLY, IPOTE BOHU
BUSIBIISIIOTH HU3KY CTPYKTYpHHUX nopiOHocTei. Tak, oOMABI cHCTeMH CIIPSIMOBAaHI HAa BiTHOBJICHHS LLTICHOCTI
JIaHUX, MiHIMI3allil0 HEeBU3HAYEHOCTI Ta M0OY0BY BHYTPIIIHBOI MOzieli KoHTeKcTy. Ha ocHOBI aHauizy cyuac-
HHX JOCII/KEHb 1 BJIACHOTO KOHIIENTYaJbHOIO MOJICNIFOBAHHS 3alPOIOHOBAHO THIIOJNOTIIO MIECTH KIIFOUOBHX
MEXaHi3MiB CMHUCIIOIIOPOKEHHS! (CMHUCIIOBOI I00YIOBH), sIKi aKTUBYIOTHCS 32 YMOB HecTadi JaHHX: a) iIMOBIp-
HICHOTO nepe/i0ayeHHs TOKeHIB; 0) IMILTIIUTHOT CeMaHTHYHOT iHTEPIIOJISALIT; B) penpe3eHTaliiHoi renepanisarii
(HagCMUCIIOBOT); T) TIIEPKOMIIEHCATOPHUX apTe(aKTiB; I) KOHTEKCTyallbHOT peKOH]Irypaiii; 1) eBpHCTHYHOTO
31a/pKyBaHHS IyMy. TakuM YMHOM, HayKOBa HOBH3HA MOJIATae y (POPMYITFOBAHHI NEPIIOi CHCTEMHOI THIIOJIOT i
MEXaHi3MiB CMUCIIOIOPOKEHHS (CMUCIIOBOT 100y/10BH) BEIMKIX MOBHUX MOJIEIICH, 110 iHTEPIIPETYEThCS Yepes3
anTporomMopdHy paMky anTuumnauii. [lokasaHo, mo i MexaHi3MH MOXKYTb SIK MiJBHIIYBaTH KOI€pEHTHICTH
TEKCTY, TaK 1 IPOAYKyBaTH JIOKaJIbHO IPABIONOAIOH], OHAK I100aabHO XUOHI CMHUCIIOBI PillleHHs (CTaTHCTHY-
HO FIMOBIpHUH, poTe He BasigHuil cMuci). OcoOIMBYy yBary NpHIiICHO HOSCHEHHIO TOTO, YOMY CTaTHCTHYHA
IPHPOJIA BETMKIX MOBHUX MOJIENIel POOUTS iX ypa3IMBUMH [0 «HAUTHIIKOBOT aHTUILIMIIALI{» Ta HENPaBUIIBHUX
CMHCIJIOBHX PEKOHCTPYKIIiif, IKi HE MAOTh BiANOBIAHMKIB y JTIOCKNX KOTHITHBHUX CTpATETisX. 3alpOnoHOBaHa
kiacuiKallist J03BOJISE YiTKO PO3MEXKYBaTH KOHCTPYKTHBHI Ta PH3UKOBI TUITH CMUCIIONIOPOKEHHS (CMHCIIOBOT
J00y/I0BM) BEJIMKHX MOBHHMX MOJIEJICH, BU3HAUMTHU MEPEyMOBH IOSIBM XHOHUX iHTeprperauii i copmyparn
KpUTepii OLIHKM HAJIIHHOCTI IIbOTO TIPOLIECY B yMOBAX HEMOBHUX a00 HEpENPE3eHTaTHBHUX KopiyciB. OTpumaHi
pe3y/IbTaTh € TEOPETUYHUM HiJAIPYHTSM JUIsl pO3pOOIICHHS IHTEPIIPETOBAHKX, CTIHKHX JI0 HECTadi JaHUX CHCTEM
Ta 3aM0YaTKOBYIOTh HOBHI HAIPSM JOCII/KEHb aHTHIMIIATHBHOI MOBEAIHKH BEJIUKNX MOBHHUX Mozelell y KOH-
TEKCTi aBTOMaTH30BaHOI'O aHaJIi3y TEKCTiB.

Kniouosi cnosa: BennKi MOBHI MOZIEIIi, CMUCIIOIOPOKEHHS, CMHUCIIOBA J100y/10Ba, aHTHI[MIIATHBHA T10-
BeJIiHKa, HECTa4a JIAHUX, CEMAaHTHYHA PEKOHCTPYKIIisl, IMIUTIUTHA IHTEPIIONIALis, KOHTEKCTyallbHa PeKOH(Iry-
patlis, rinepKkoMIIeHCAaTOPHI apTe]aKTH, KOTHITHBHE MOJICIIFOBAHHS, CTATUCTUYHE TTepea0aYeHHs.
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