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Bacteria of genus Streptomyces constitute one of the largest and most extensively
studied taxon because of their prominent role as a source of small molecules, showing ac-
tivity against bacteria, worms, tumors etc. Currently over hundred streptomycete and over
1000 actinobacterial genomes are available through GenBank, and this number is growing
rapidly. This wealth of sequence data opens the door for all kinds of molecular evolutio-
nary analyses within the genus. Nevertheless, to be correct and meaningful, these analyses
should be based on adequate substitution models — sets of rules (in the form of tables) that
explain how the characters (nucleotide or aminoacid residues) substitute each other over the
time. Selection of optimal substitution models for GC-rich actinobacterial genomes has not
reported so far, and this work aims to fill this gap. Here we compiled several different gene
and protein sets and performed the search of substitution models that best fit our dataset. The
results of our findings are reported here.
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The process in which a sequence of characters changes over the time is described by substi-
tution model. In the study of molecular evolution, it is important to know nucleotide substitutions
between DNA sequences. Substitution models differ in terms of the parameters used to describe the
rates at which one nucleotide replaces another during evolution. Models of DNA evolution were
first proposed by Jukes and Cantor [9], assuming equal transition rates as well as equal equilibrium
frequencies for all bases. Kimura [11] introduced a model with two parameters: one for the transi-
tion and one for the transversion rate. Later he improved it to three parametric model — K3Pu [12].
Felsenstein [4] proposed a four-parameter model in which the substitution rate corresponds to the
equilibrium frequency of the target nucleotide. Hasegawa, Kishino and Yano [7] unified the two last
models to a five-parameter HKY model. T92 [16] is a simple mathematical method developed to
estimate the number of nucleotide substitutions per site between two DNA sequences, by extending
Kimura’s two-parameter method to the case where a G+C-content bias exists. This method will be
useful when there are strong transition-transversion and G+C-content biases. The TN93 model [17]
distinguishes between the two different types of transition. Transversions are all assumed to occur
at the same rate, but that rate is allowed to be different from both of the rates for transitions. The
small number of parameters to estimate make DNA substitution models belong to mechanistic ones.
The general time-reversible (GTR) model [18] the most general neutral, independent, finite-sites,
time-reversible model possible. Its known by variable base frequencies and symmetrical substi-
tution matrix. GTR usually with the addition of invariant sites and a gamma distribution of rates
across sites, is currently the most commonly selected model for phylogenetic inference.

For analyses performed over longer evolutionary distances, the evolution is modeled on the
amino acid level. Since not all DNA substitutions alter the encoded amino acid, information is lost
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when looking at amino acids instead of nucleotide bases. However, several advantages speak in favor
of using the amino acid information [5]: DNA is much more inclined to show compositional bias than
amino acids, not all positions in the DNA evolve at the same speed, for-example non-synonymous
mutations are more likely to become fixed in the population than synonymous, but probably most
important, because of those fast evolving positions and the limited alphabet size, the DNA suffers
much more from back substitutions, making it difficult to accurately estimate longer distances [6].

Unlike the DNA models, amino acid models traditionally are empirical models. They were
pioneered by Dayhoff and co-workers [1], by estimating replacement rates from protein align-
ments with at least 85% identity. This minimized the chances of observing multiple substitutions
at a site. The Dayhoff model was used to assess the significance of homology search results, but
also for phylogenetic analysis. The Dayhoff PAM matrices were based on relatively few align-
ments, but new matrices were estimated using almost the same methodology, but based on the
large protein databases available then, the latter being known as “JTT” matrices [8]. “WAG” —
empirical amino acid replacement matrices from large databases of aligned protein sequence
families, the evolutionary relationships within the families are taken to account [19]. Later this
approach was improved to general amino acid replacement matrix “LG” by Le and Gascuel [14].

In phylogenetics, sequences are often obtained by firstly obtaining a nucleotide or protein
sequence alignment, and then taking the bases or amino acids at corresponding positions in the
alignment as the characters. Mutation (substitution) matrix, which is used to score mismatches
in an alignment, was derived from alignments of an extremely small set of proteins that are very
similar in sequence, and is therefore unsuitable for alignments between two proteins whose se-
quences are sufficiently similar to suggest that they might be homologous, but not similar enough
to make homology obvious. The difficulties in constructing alignment are further complicated by
the requirement that they handle deletions and insertions.

The purpose of this paper is to estimate evolution models at nucleotide and amino acid lev-
els for various actinobacterial genera, with a focus on Strepfomyces. We created several different
datasets, based on several Streptomyces genes and corresponding proteins of different functional
classes: transcriptional regulators, biosynthetic enzymes, transmembrane proteins. We run them
through publicly available software to estimate which substitution models best describe the data.
Also, we check the influence of different model types on real dataset. Our results provide refer-
ence information for all future efforts to apply phylogenetic methods to Streptomyces genomes.

Materials and methods

Three sets of orthologous genes, exemplified below by Streptomyces coelicolor (sco)
gene, were selected for analysis. Gene scol728 codes for putative GntR family transcriptional
regulator of YtrA type. Gene sco2706 encodes putative glycosyltransferase, similar to many en-
zymes proposed to be involved in lipopolysaccharide biosynthesis and subject to b/dA4 regulation.
Gene sco3894 encodes putative transmembrane protein. Using Streptomyces database (http://
strepdb.streptomyces.org.uk/) there was created a group of orthologs for every of three select-
ed genes: G_scol728, G_sc02706 and G_sco3894, respectively. Also, protein products of these
genes were used to select optimal aminoacid substitution models. Reciprocal best hit strategy was
used to identify orthologs.

Since there are many approaches to multiple pairwise sequence alignment, alignment was
conducted by several different algorithms: MAFFT, Clustal Omega, MUSCLE (http://www.ebi.
ac.uk/Tools/msa/) [3, 10, 15] and ProbCons (http://probcons.stanford.edu/) [2].

To determine the evolution models of selected samples the 1Q-Tree Web Service (http:/
iqtree.cibiv.univie.ac.at/) was used. Phylogenetic reconstructions were carried out on Phylogeny.
fr server, using multiple alignment program MUSCLE.
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Results and discussions

As mentioned above, there are number of difficulties in generation of reliable alignment.
Therefore we have chosen four different algorithms for multiple sequence alignment to view how
different approaches impact the result.

As a result of selection of evolutionary model, we revealed that different groups of or-
thologous genes have their own model and thus different evolutionary paths. Orthologs of GntR
family transcriptional regulator (G_scol728) and transferase (G_sco2706) share the K3Pu model
[12] with three substitution types and unequal base frequencies, almost irrespective of the type of
alignment algorithm taken. The only exception was that alignment by MAFFT led to TVM model
[16] featuring special transversion rule (AG=CT) and unequal base frequencies for GntRfamily
transcriptional regulator (G_scol728). Group of orthologous genes for transmembrane proteins
(G _sco03894) fits GTR model [19]. All data are summarized in Table 1.

Table 1
Nucleotide substitution models for three different sets of Streptomyces genes
| G scol728 | G sc02706 | G sc03894
Clustal Omega K3Pu K3Pu GTR
MAFFT TVM K3Pu GTR
MUSCLE K3Pu K3Pu GTR
ProbCons K3Pu K3Pu GTR

We further modeled substitution patterns in protein sequences encoded by the aforemen-
tioned groups of genes. According to obtained results, summarized in Table 2, all three groups
of homologous protein respond to its own evolutionary model. Particularly, P_scol728 dataset
(GntR family transcriptional regulator) was best described by general matrix of Jones-Taylor-
Thornton [8] and its revision by Kosiol and Goldman [13] — JTT and JTTDCMut. The group
of glycosyltransferase proteins (P_sco2706) fits general matrix WAG of Whelan and Goldman
[19], while orthologs of transmembrane protein (P_sco3894) obey general matrix LG of Le and
Gascuel [14].

Table 2
Amino acid substitution models for three different groups of Streptomyces proteins
\ P scol728 \ P _5c02706 \ P _sc03894
Clustal Omega JTTDCMut WAG LG
MAFFT JTTDCMut WAG LG
MUSCLE JTT WAG LG
ProbCons JTT WAG LG

Our results show that the different algorithmic approaches of the multiple sequence align-
ment slightly affect the determination of the substitution model; in case of protein sequences,
major impact had the nature of the proteins being analyzed. For example, transmembrane pro-
teins, presumably having biased amino acid composition (and codon usage) fit their own type of
substitution model.

Next we decided to study how the changes in substitution model affect phylogenetic anal-
ysis of real dataset. As a test case we took a set of orthologous genes and corresponding proteins
of AraC type pleiotropic regulator AdpA. First we attempted to reconstruct phylogenetic tree of
adpA nucleotide sequences. For this purpose we created a cluster of 107 orthologous adpA se-
quences, collected mainly from genomes of Streptomyces, although representatives of non—strep-
tomycete species were included (accession numbers and sequences are available from authors
upon request). We used server phylogeny.fr (http://www.phylogeny.fr/ ), because it is possible
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to customize all steps of inference. Here we held all the parameters constant and varied only the
substitution model. According to previous assessments, either K3Pu or GTR models would be
suitable for GC-rich Streptomyces genes (see Table 1). Consequently, we built two alternative
apdA gene trees, either GTR-, or HKY-based (the second model is considered non-optimal for our
case). The resulting gene trees are shown on Fig. 1.
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Fig. 1. Phylogenetic trees based on nucleotide (nt) sequences alignment of set of adpA genes, built using
different substitution model, GTR (A) and HKY (B). Arrows point to adpA sequence that occupies
different position in the tree. Bar under tree, number of nt substitutions per nt position.

Here one could see that overall topology of adpA tree is similar for two substitution mod-
els used: there are two major clades and adpA from Kitasatospora sp. was outgroup. Neverthe-
less, notable differences in the fine topology of the trees can be found; one of them is marked with
arrow on Fig. 1. Furthermore, we noted that the tree topology built on GTR model comes with a
higher statistical support values (aLRT data on the tree nodes) for major clades. Thus, different
substitution models does lead to different trees, and their judicious use may improve phylogenetic
inference.

Next we reconstructed AdpA protein tree from a set of 200 protein sequences using two
alternative substitution models: JTT (“optimal”) and WAG (“non-optimal”). The resultant trees
were too big to inspect them visually, and we therefore resorted to tree manipulation web server
PhyFi (http://cgi-www.cs.au.dk/cgi-chili/phyfi/go ) which allows to collapse and re-draw clotted
parts of the tree. Namely, over hundred adpA sequences from Streptomycetaceae genus, as well
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as ten members of Frankia genus were collapsed, as they had identical topology in both trees,
shown on Fig. 2.
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Fig. 2. Phylogenetic trees based on alignment of set of orthologous proteins of AdpA family, built using JTT
(A) and WAG (B) models. Black arrow shows the position of AdpA from Catenulispora sp.

One can see that here, too, choice of evolutionary model had effect on protein tree topol-
ogy. Namely, AdpA from recently discovered genus Catenulispora is placed differently in the
trees. According to JTT model, the latter is situated as an outgroup with regard to the entire
Actinomycetales clade, while in WAG model it is co-localized close to Streptomycetaceae clade.
It is difficult to predict from this (limited) study, as to which substitution model better reflects
evolution of actinomycete sequences. Nevertheless, our study provides compelling evidence that
choice of evolutionary model affects phylogenies, and so this issue is worth further scrutiny. We
suggest initial types of subtitution models for functionally different types of sequences and invite
further exploration of suitability of these models for wider sets of actinobacterial proteins.
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ONITUMAJBHI MOJAEJI SAMIIIEHHA HYKJITEOTUAIB I AMIHOKHUCJIOT
Y HOCIIAOBHOCTSAX, IO MOXOAATH 3 AKTHHOBAKTEPIMHHUX POAIB
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Bakrepii pony Streptomyces CTaHOBISTH OJMH 13 HAHOUTBIIMX 1 HAWICTANBHIIIC BH-
BUCHMX TaKCOHIB. BOHM BijoOMi SIK jpKepena MajnuxX MOJIKYJ, IO BUSBISIOTh aKTHBHICTH
mpoTu OakTepiid, YepBiB, MyXJIMH i T. . Y JaHUWH Yac OLIbIIE COTHI CTPENTOMINETHUX 1
6inpmre 1000 akTHHOOAKTEpiaIbHUX TeHOMIB TocTymHI gepe3 GenBank, i e gnciio msuKo
3pocTae. bararcTBo CEKBEHOBAaHHMX NAaHHWX BIAKPHBA€E JBEpi VIS BCIX BHIIB MOJEKYISIPHO-
SBOJTIOIIHMX aHaJIi3IB y MeXaxX akTHHOOakTepiid. Tum He MeHII, 06 OyTH NPaBUIBLHUMA i
3HAYYIIMMH, TaKi aHAJII3H MAIOTh 0a3yBaTHCS Ha aJleKBaTHUX MOJIEIISIX 3aMIIlleHHs — Habopi
nipaBwI (Y BUIVISLAL TAOJHILh), SIKi HOSICHIOIOTH, SIK CHMBOJIH (HYKJIEOTH/IHI 200 aMiHOKHCIIOTHI
3aJIMIIKN) 3aMiHIOIOTh OJMH OXHOro B 4aci. Jloci He mpencTaBiaeHo Mig0ip ONTHMAIbHUX
Mozenei 3amimmenns it GC-6aratnx akTHHOOAKTepiaJbHUX T'€HOMIB, TOMY Hamla pobora
Ma€ Ha MeTi 3alOBHHUTH IO NporajnHy. TyT MU MOPIBHSIN Kijbka BHOIPOK pi3HUX IeHiB i
O1JIKIB Ta POBEIIH ITOLTYK MOJIeIIel 3aMillleH s, SIKi HalKpalle OIUCYIOTh Halll Halip JaHuX.

Knrouosi crnosa: Streptomyces, MOneINi 3aMIIICHHS, €BOJOIIIS.
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Bakrepun pona Streptomyces npencTaBisroT co00i OMH U3 KpyHEHIINX 1 Hanbomee
MOAPOOHO M3YYEHHBIX TAaKCOHOB. OHM M3BECTHBI B KQU€CTBE MCTOYHMKA MAJBIX MOJEKYI,
MIPOSIBIISIFOIIUX aKTHBHOCTD MIPOTHUB OaKTepHid, YepBeld, omyxoneii u T.1. B HacTosmee Bpems
6onee 100 crpentomunetHsix u 6onee 1000 akTMHOOAKTEpHATBHBIX TEHOMOB JOCTYITHBI
yepe3 GenBank, um 310 umcno OwicTpo pacTeT. borarcTBO CEKBEHMPOBAHHBIX JTAHHBIX
OTKPBIBAET JBEPH AN BCEX BHJOB MOJEKYISIPHO-BOIIONMOHHBIX AaHAIM30B B Ipeienax
pona. Tem He MeHee, 4TOOBI OBITH NMPABHIBHBIM M 3HAYMMBIM, 3T AHAIM3BI JJOIKHBI
0a3upoBaThCs Ha AJEKBAaTHBIX MOJAEISIX 3aMeIleHHs — HaOope mpaBui (B BHAE TaOMHI),
KOTOpBIE OOBSCHSIOT, KaK CHUMBOJBI (HyKJICOTHUAHBIE HIM AMUHOKHCIOTHBIE OCTATKH)
3aMEHSUTH APYT Ipyra B TEUEHHE HBOJONMOHHOTO BpeMeHH. Jl0 cux mop He MpeacTaBiIeH
noadop onTUManbHBIX Moaenei 3amemieHus s GC-00raTbIX aKTHHOOAKTEPHUATBHHX
TCHOMOB, TIOATOMY HacTosIas paboTa CTAaBUT CBOEH LIENBIO 3aIIOIHUTE 3TOT Mpoder. 3nech
MBI CPaBHHIIM HECKOJIBKO BHIOOPOK Pa3IMYHBIX TEHOB M OEIKOB U IIPOBENHU ITOUCK MOJETei
3aMeleHNs1, KOTOPBIE JTyUIlle BCETO ONMUCHIBAIOT HAIll HAOOP JAHHBIX.

Knrouesvie cnosa: Streptomyces, MO 3aMEILECHNS, BOJIOLHUS.



